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Typological analysis of longitudinal data, i.e. classifying sequences of data from different individuals
for a particular phenomenon, is becoming increasingly popular in social sciences. When we have
longitudinal data, a main focus is to describe the longitudinal pattern, like the slope in growth curve and
the transition matrix in Markov models. Conclusions about these patterns might be incorrect if there is
group heterogeneity, meaning that subgroups of subjects present different longitudinal patterns
(trajectories). Here we focus on methods that can detect this heterogeneity when the phenomena of
interest is categorical, like Mixture Hidden Markov Models (MHMM) and Sequence Analysis (SA).
The issue of class enumeration is not new, but most of the research has been done in cross-sectional
models, and when looking at longitudinal models some focus has been done in with growth mixture
models, where the phenomena is continuous in nature. With a simulation study, we evaluate methods to
select the correct number of trajectories. For SA, we will compare the measures of the quality of a
partition described by Studer (2013), and for MHMM we will compare the information criteria
commonly used for class enumeration such as AIC, BIC (Masyn, 2013), and tests like BLRT (McNeish
& Harring, 2017). We test these methods across the conditions of number of true trajectories, level of
overlap, trajectory types, and unbalance samples. With those conditions we intend to evaluate the
methods across realistic data conditions. We will present our simulation results, and recommendations
for applied researchers in how to detect group heterogeneity in longitudinal patterns. This way we are
able to properly describe longitudinal pattern heterogeneity.
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